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Abstract
This article addresses a philosophical problem arising from recent Vatican documents 
on artificial intelligence: how can AI systems demonstrate functional generalization while 
lacking the capacity for abstraction proper to human cognition? Drawing on the medieval 
philosophy of Peter Abelard (1079–1142), particularly his theory of the confusa imago 
(confused image) developed in the context of the twelfth-century dispute over universals, 
this article proposes a novel framework for understanding the cognitive status of con-
temporary AI systems. Abelard’s distinction between the representational level (confusa 
imago — an indeterminate mental image common to all instances of a kind) and the intel-
lectual level (intellectus — the conscious act that transforms representation into genuine 
understanding) maps with striking precision onto the functional architecture of modern 
artificial neural networks. The article argues that AI systems achieve something structur-
ally analogous to the generation of confused images through statistical learning, without 
performing the intellectual acts that would transform these representations into authen-
tic concepts. This framework resolves the apparent paradox of generalization without 
abstraction, provides a principled basis for the claim that human cognitive involvement 
remains structurally necessary (not merely contingently useful) in human–AI collabora-
tion, and offers concrete implications for the ethical design and deployment of AI systems. 
The analysis demonstrates that medieval philosophical categories retain unexpected ex-
planatory power for contemporary problems in the philosophy of artificial intelligence.
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On January 28, 2025, the Dicastery for the Doctrine of the Faith and the Di-
castery for Culture and Education of the Holy See published a joint document 
entitled Antiqua et Nova: Note on the Relationship between Artificial Intelligence 
and Human Intelligence (Antiqua et Nova 2025). This document, the first com-
prehensive statement of the Catholic Magisterium on the philosophical and 
theological implications of artificial intelligence, advances a claim that poses 
a significant problem for the philosophy of AI. The authors assert that AI “does 
not account for the full breadth of human experience, which includes abstrac-
tion, emotions, creativity, and the aesthetic, moral, and religious sensibilities” 
(Antiqua et Nova 2025, §11). The document elaborates: “AI’s advanced features 
give it sophisticated abilities to perform tasks, but not the ability to think” (An-
tiqua et Nova 2025, §12).

The puzzle emerges from the apparent tension between this claim and the ob-
servable capacities of contemporary AI systems. If AI lacks abstraction — under-
stood in the traditional philosophical sense as the cognitive operation by which 
the mind extracts universal concepts from particular sensory data — then how 
do AI systems achieve the functional generalization they manifestly exhibit? 
A language model can respond appropriately to sentences it has never encoun-
tered; a vision system can classify images absent from its training data; a game-
playing agent can discover strategies not present in its learning corpus. These 
capacities appear to require some form of generalization beyond particular 
instances.

The present article proposes that one of the possible resolutions of this puzzle 
lies in a distinction developed by Peter Abelard in his treatment of the medieval 
problem of universals. Abelard distinguished between two cognitive levels: 
the confusa imago (confused or indeterminate image) — a representation that 
is “proper to none and common to all” instances of a kind — and the intellectus 
(intellectual act) — the fully conscious apprehension that transforms mere rep-
resentation into genuine understanding. This article argues that contemporary 
AI systems realize something structurally analogous to the generation of con-
fusae imagines through statistical learning processes, while failing to perform 
the intellectus that would constitute authentic cognition.

This framework makes it possible to obtain several significant results. First, 
it can explain how functional generalization is possible without abstraction 
in the full philosophical sense. Second, it can provide a philosophical basis for 
the claim that human cognitive involvement in AI systems is not a contingent 



61
Tomasz Stępień

Confusa Imago and Artificial Intelligence…

limitation to be overcome by technological progress, but a structural necessity 
rooted in the nature of cognition itself and the very structure of how AI models 
function. Third, it can offer concrete guidance for the ethical design and deploy-
ment of AI systems. Finally, it demonstrates that medieval philosophical catego-
ries, developed in response to apparently distant problems, retain unexpected 
explanatory power for contemporary challenges.

1. The Medieval Problem of Universals:  
Historical and Philosophical Context

The problem of universals — one of the most persistent questions in medieval 
philosophy — concerns the ontological and epistemological status of general 
terms and the concepts they express (de Libera 1996, 39–49). When we predi-
cate “human” like Socrates and Plato, to what does this common term refer? 
Is there a universal “humanity” that both individuals instantiate? If so, what is its 
ontological status? If not, what grounds the common predication? The medi-
eval debate took its specific form from three questions posed by the ancient 
philosopher Porphyry in his Isagoge, an introduction to Aristotle’s Categories: 
(1) Do genera and species exist in reality or only in thought? (2) If they exist, 
are they corporeal or incorporeal? (3) Do they exist separately from sensible 
particulars, or in them? (Isagoge, 1a, 9–13; trans. 1975, 27–28). Porphyry himself 
declined to answer these questions, judging them too difficult for an introduc-
tory work. For medieval philosophers, however, this was a living issue since 
Porphyry’s text was required reading for students of philosophy at the beginning 
of their education.

The dominant position in the early twelfth century was realism — the view 
that universals possess real existence in the particulars that instantiate them, 
independent of the minds that cognize them. William of Champeaux, Abe-
lard’s teacher at the cathedral school of Notre-Dame in Paris, initially defended 
a strong version of this position: individuals belonging to the same species 
share a numerically identical substantial essence. On this view, Socrates and 
Plato possess exactly the same humanity, but they differ only in their accidents 
(King 1982, 137–173).1

1	 William of Champeaux presented this theory in his lectures at Notre-Dame around 1108–
1109. The primary source for his views is Abelard’s critique of that theory.
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Abelard’s critique of this position, preserved in his Logica Ingredientibus, was 
devastating (Logica Ingredientibus, 10–11).2 The central objection runs as follows: 
if the universal “animal” is wholly and numerically identically present in Socrates 
(who is rational) and in a donkey (which is irrational), then the same thing 
would possess contradictory properties: it would be simultaneously rational and 
irrational. Furthermore, the theory generates a vicious regress: the accidents 
supposed to individuate the common essence are themselves universals requir-
ing further individuation (Logica Ingredientibus, 11–12).

Under the pressure of Abelard’s critique, William modified his position, 
adopting what is known as the “indifference theory.” It holds that individuals 
are not identical in essence but are called “the same” because they “do not differ” 
(non differunt) in certain respects (Marenbon 1997, 108–114). Abelard found this 
reformulation equally unsatisfactory. As he observed, Plato and Socrates also 

“do not differ in being a stone” — neither is a stone, so they are identical in that 
respect. Mere non-difference cannot ground positive similarity or justify com-
mon predication (Logica Ingredientibus, 12).

After defeating his teacher, Abelard was able to present his own solution. 
Significantly for the present argument, he, like his defeated opponent before 
him, had to do so without the crucial source that explained the meaning of ab-
straction, since Aristotle’s De anima had not yet been translated into Latin and 
was unknown to Western philosophical circles. He therefore had to develop 
an account of abstraction from scratch (Gilson 1950, 9–10).3

His central thesis is  that universality is a property of certain linguistic 
expressions — specifically, common nouns and the concepts associated with 
them — not something that exists in reality. Only words can be universals 
in the strict sense, because only words are predicable of many things (King 
1982, 352–354). However, this linguistic thesis requires supplementation. What 
grounds the common application of universal terms? Why is it correct to call 

2	 The critical edition is: Peter Abelard, Logica Ingredientibus (Glossae super Porphyrium), 
ed. B. Geyer, in Peter Abaelards Philosophische Schriften, Beiträge zur Geschichte der 
Philosophie des Mittelalters 21 (Münster: Aschendorff, 1919–1933). An English translation 
of key passages is provided in Spade (1994, 32–33).

3	 See Gilson’s account (1950, 9–10) of the whole debate between William of Champeaux and 
Peter Abelard, including his commentaries on Abelard’s limitations. In Gilson’s view, the 
absence of Aristotle’s De anima paradoxically precipitated Abelard’s originality: “In short, 
Abailard was in that blessed state of ignorance which makes it so easy for a clever man to be 
original.”
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both Socrates and Plato “human”? Here, Abelard introduces his distinctive 
concept of status — the state or condition of being a certain kind of thing. The 
status of being human is not itself a thing (res) or essence (essentia); Abelard 
emphatically denies that status possesses substantial existence. Rather, status 
functions as “a cause that is not a thing” — it explains the commonality without 
postulating a common metaphysical element (King 1982, 354–374). In Logica 
Ingredientibus, he claims that when we say that Socrates and Plato agree in the 
status of man (in statu hominis), we refer to their status although we are not 
appealing to anything (Logica Ingredientibus, 20, 7–9).4

The concept of status has an unusual ontological profile: it  is sufficiently 
robust to ground linguistic imposition and common predication, yet it is not 
an additional entity in the world. Abelard thinks that statuses can be understood 
as causes, just as not wanting to go to the forum can be the cause of being flogged. 
As Abelard states, not wanting to go is “no essence.” Status thus denotes a cause 
that is not itself a thing, so it functions causally without being a substance (Logica 
Ingredientibus, 20, 10–17).5

2. The Theory of Confusa Imago: Abelard’s Cognitive Psychology

The psychological complement to the semantic notion of status is Abelard’s 
account of the mental representations associated with universal terms. When 
we hear a common noun like “human,” what arises in the mind? Since Abelard 
denies that there are universal things for such terms to represent, the mental 
content cannot be a representation of a universal entity. Yet it must somehow 
support the universal application of the term. Abelard’s answer is the com-
munis et confusa imago — the common and confused image. In Glossae super 
Porphyrium he distinguishes understanding of universal and particular objects:

4	 “Sed nihil aliud sentimus, nisi eos homines esse, et secundum hoc nullatemus differre, 
secundum hoc, inquam quod homines sunt, licet ad nullam vocemus essentiam. Statum 
autem hominis ipsum esse hominem, quod non est res, vocamus, quod etiam diximus 
communem causam impositionis nominis ad singulos, secundum quod ipsi ad invicem 
conveniunt.”

5	 “Saepe autem cause nominae ea quoque quae res aliqua non sunt, appellamus, ut cum 
dicitur: Verberatus est, quia non vult ad forum. Non vult ad forum, quod ut causa ponitur, 
nulla est essentia.” See also Gilson (1950, 23).
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…the understanding that goes with a universal name conceives a common and 
confused image of many things. But the understanding a singular word gener-
ates comprises the proper and so to speak “singular” form of one thing — that 
is, a form related to one “person” only. Thus, when I hear ‘man’, a kind of model 
rises in my mind that is related to a single man in such a way that it is common 
to all of them and proper to none. But when I hear ‘Socrates’, a certain form 
rises up in my mind that expresses the likeness of a certain person (Logica In-
gredientibus, 21, 28–33; trans. Spade 1994, 44).6

The term confusa requires careful interpretation. It does not mean “unclear” 
or “muddled” in a pejorative sense. Rather, it carries a technical meaning: the 
image is indeterminate with respect to individuating features. The term “hu-
man” captures what humans have in common — rationality, mortality, animal 
nature — while lacking the specific determinations (this particular height, this 
hair color, this spatial location) that would make it an image of Socrates rather 
than Plato (Marenbon 1997, 145–160).

We can illuminate this concept by a contemporary analogy. Consider an ana-
tomical illustration of the human body in a medical atlas. Such an illustration 
does not depict any particular person — it lacks a specific face, a determinate 
skin color, individual proportions. Yet it represents all human beings; it dis-
plays the anatomical structure common to the species. In Abelard’s terms, it is 

“proper to none and common to all.” The confusa imago functions analogously: 
it is a mental representation that captures what is common while remaining 
indeterminate with respect to what it individuates.

In Tractatus de Intellectibus, Abelard further characterizes the concepts asso-
ciated with universal terms using three technical descriptors (Tractatus de Intel-
lectibus, 3.19–3.24; King 2007, 169–187). The imago is sola (alone), detached from 
current sense perception of any particular individual. It operates independently 
of the presence of any specific instance. It is nuda (bare) abstracted from some 
or all accidental forms. It retains only what is essential or common, stripped 

6	 “…quod ille qui universalis nominis est, commune et confusam imaginem multorum 
concipit, ille vero quem vox singularis generat, propriam unius et quasi singularem formam 
tenet, hoc est ad unam tantum personam se habentem. Unde cum audio ‘homo’, quoddam 
instar in animo surgit, quod ad singulos homines sic se habet, ut omnium sit commune 
et nullius proprium. Cum autem audio ‘Socrates’, forma quaedam in animo surgit, quae 
certae personae similitudinem exprimit.”
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of individualizing accidents. And, finally, it is pura (pure) — unadulterated by ref-
erence to any single individual. It maintains its indeterminacy without collapsing 
onto a particular instance. These characteristics jointly describe a representation 
that enables universal predication precisely because of its indeterminacy. Be-
cause the confusa imago does not single out any particular individual, it can serve 
as the cognitive basis for applying a term to all individuals of the relevant kind.

What is significant in the context of this article is that Abelard insists that 
all cognition starts with sensation, which is the only source of data. As Kevin 
Guilfoy explains the mind has an initial confused conception of a particular 
discrete item thanks to the powers of sensation and imagination. This image 
is confused because the mind is merely conscious of the item, and the whole 
process of cognition is a kind of perfecting this confused image of sensation 
and imagination (Guilfoy 2004, 203). It  is worth noticing that the first part 
of this process — sensory perception — is for Abelard purely mechanical (Maren-
bon 1997, 167).

The second part, which is imagination, is more perfect than the first, but it is 
still considered to be an imperfect type of cognition. Its primary function is to 
produce images, which are “mere preparation for thought” (Marenbon 1997, 168). 
The confused image is the content upon which cognition operates; the intellectus 
is the act of conscious apprehension that transforms mere representation into 
genuine understanding (King 1982, ch. 4). As J. Marenbon underlines: “thoughts 
are sharply distinct from images of any kind” and therefore thought “necessarily 
involves abstraction” (Marenbon 1997, 168).

This distinction has several important implications. First, Abelard explicitly 
rejects the view that mental images by themselves explain intentionality, the 
property of being about something. Images are merely “intermediary signs 
of things” (intersigna rerum) (Logica Ingredientibus, 23; King 2007, 180–183). The 
same image can be used to think about different objects depending on which 
features receive attention. Intentionality derives from the act of attention (atten-
tio), not from intrinsic properties of the image. Second, the intellectus involves 
normative orientation.

It is not merely a causal response to stimuli, but an act directed toward 
grasping the nature of things, toward understanding what something is. This 
normative dimension distinguishes genuine cognition from mere information 
processing. Third, the intellectus is phenomenally conscious. It may be described 
as the proper and most perfect cognitive act, while sensation is mechanical and 
imagination is imperfect and blurred. There is something it is like to understand, 
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a qualitative character to the act of intellectual apprehension, and this dimen-
sion is essential to cognition itself. Thus, the confused image is a necessary but 
not sufficient condition for understanding. It provides the representational raw 
material, but without the intellectus, there is no genuine cognition.

3. AI as Generator of Confusae Imagines

AI systems realize something structurally analogous to the generation of confu-
sae imagines through statistical learning processes, while failing to perform the 
intellectus that would transform these representations into authentic concepts. 
Accordingly, the Vatican document correctly asserts that AI lacks abstraction 
in the full philosophical sense — the sense that involves the intellectus as a con-
scious, normatively oriented act of apprehension. Yet AI manifestly generalizes. 
The resolution lies in recognizing that generalization at the representational 
level does not require intellectual apprehension. AI achieves the former without 
the latter.

Consider the training process of a contemporary deep artificial neural net-
work. The system is exposed to millions of particular instances — specific images 
of cats, specific sentences in a natural language, and specific game states and 
outcomes. Through iterative optimization (typically via gradient descent), the 
network develops internal representations — patterns of activation across hid-
den layers — that capture statistical regularities in the training data. As LeCun, 
Bengio, and Hinton observe in their foundational review: “Deep learning allows 
computational models that are composed of multiple processing layers to learn 
representations of data with multiple levels of abstraction” (LeCun, Bengio, and 
Hinton 2015, 436).7

The concept of distributed representation, introduced by Hinton, McClelland, 
and Rumelhart in their seminal 1986 work, provides the theoretical foundation 
for understanding how artificial neural networks develop these abstract patterns 
(Hinton et. al. 1986, 77–109). In a distributed representation, concepts are not 
represented by single dedicated units but by patterns of activity across many 

7	 This landmark review provides a comprehensive overview of how deep artificial neural 
networks learn hierarchical representations of data. It  is worth noting that the term 

“abstraction” as used here describes generalization, and future development of AI is predicted 
to involve “complex reasoning” (LeCun, Bengio, and Hinton 2015, 442).
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units. Each unit participates in representing many different concepts, and each 
concept is represented by the combined activity of many units. This architec-
ture enables what Hinton termed “automatic generalization”: when the weights 
in the network change to incorporate new knowledge about one concept, the 
changes affect knowledge associated with other concepts represented by similar 
activation patterns (Hinton 1986, 1–12).

These learned representations exhibit a characteristic property: they are 
indeterminate with respect to particular training instances. The representation 
of “cat” that emerges in a trained vision model does not correspond to any spe-
cific cat from the training set. It is an abstract pattern that captures what cats 
statistically have in common — typical shapes, textures, proportions — while re-
maining indeterminate with respect to the individualizing features of particular 
cats. Zeiler and Fergus’s influential visualization studies of convolutional neural 
networks demonstrate this phenomenon empirically. Higher layers of trained 
networks develop feature detectors that respond to increasingly abstract and 
general patterns, moving from edges and textures in early layers to object parts 
and whole objects in deeper layers (Zeiler and Fergus 2014, 818–833).8

We can observe a parallel between the representations developed by such sys-
tems and what Abelard calls images that are “proper to none and common to all.” 
The parallel extends to the functional role of indeterminacy. In Abelard’s theo-
ry, the “confusion” of the image — its lack of individuating specificity — is pre-
cisely what enables its universal application. Because it singles out no particular, 
it applies to all. Similarly, the general character of learned representations in arti-
ficial neural networks (their distance from any specific training instance) is what 
enables generalization. The network succeeds on novel inputs precisely because its 
internal representations have abstracted away from particular training examples.

The parallel, however, stops at the representational level. Contemporary 
AI systems do not perform anything analogous to the intellectus — the conscious, 
normatively oriented act of intellectual apprehension. To support this claim, it is 
worth returning to John Searle’s classical Chinese Room argument (Searle 1980, 
417–457). He argued that a system manipulating symbols according to formal 
rules — however sophisticated — performs merely syntactic operations with-
out semantic understanding. As Searle put it: “Formal symbol manipulations 

8	 This study introduced deconvolutional network techniques to  visualize the features 
learned at each layer of a CNN, demonstrating the increasingly abstract and general nature 
of representations in deeper layers.
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by themselves don’t have any intentionality; they are quite meaningless; they 
aren’t even symbol manipulations, since the symbols don’t symbolize anything. 
In the linguistic jargon, they have only a syntax but no semantics” (Searle 
1980, 422).9 While debates about the Chinese Room continue, Searle’s core 
insight — that rule-governed symbol manipulation does not by itself constitute 
understanding — resonates with Abelard’s distinction between possessing an im-
age and performing an intellectual act upon it.

More recently, Bender, Gebru, and colleagues have applied similar reasoning 
to large language models, characterizing them as “stochastic parrots” that “hap-
hazardly stitch together sequences of linguistic forms… according to probabilis-
tic information about how they combine, but without any reference to meaning” 
(Bender et al. 2021, 616). This characterization aligns precisely with the pres-
ent analysis: language models generate representations (analogous to confusae 
imagines) that enable statistically appropriate outputs without performing the 
semantic grasp that constitutes the intellectus.

There is no evidence that AI systems possess phenomenal consciousness, 
that there is “something it is like” to be a language model processing a sentence 
or a vision system classifying an image. The intellectus in Abelard’s framework 
essentially involves phenomenal presence; the act of understanding is not a mere 
functional state but a conscious event (Chalmers 1996, chaps. 1–2). Moreover, 
AI systems optimize objective functions defined by their designers. They do not 
pursue truth as such or aim at grasping the natures of things. The intellectus 
involves a normative orientation toward understanding that is absent from 
systems defined purely by loss minimization. If this analysis is correct, such 
systems manipulate representations that track statistical regularities, but they 
do not understand what those representations mean. A language model processes 
tokens in ways that produce statistically appropriate outputs without grasping 
the semantic content of the sentences it generates. The intellectus essentially 
involves semantic understanding, not merely syntactic manipulation.

The framework derived from Abelard’s cognitive psychology seems useful 
for explaining several otherwise puzzling features of contemporary AI systems. 
They frequently produce correct outputs (accurate classifications, appropriate 
responses, valid solutions) without understanding why these outputs are correct. 

9	 For a comprehensive analysis of the argument, see the Stanford Encyclopedia of Philosophy, 
s.v. “The Chinese Room Argument,” https://plato.stanford.edu/entries/chinese-room/ 
(accessed February 19, 2026).
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This is explicable on the present account: the confused images and their statisti-
cally determined relations can accurately track regularities in the world without 
the intellectus that would constitute insight into the reasons.

AI systems generalize on the basis of statistical similarity rather than essen-
tial features. They may classify correctly by detecting accidental correlations 
(texture rather than shape, spurious features rather than causally relevant ones) 
(Goodfellow, Shlens, and Szegedy 2014).10 Similarly, Geirhos and his colleagues 
demonstrated empirically that ImageNet-trained convolutional neural networks 
classify images primarily on the basis of texture rather than shape — an instance 
of generalization based on accidental rather than essential features (Geirhos 
et al. 2019). This follows from operating at the representational level without 
intellectual grasp of natures or essences. Finally, when AI systems are prompted 
for explanations, they produce post hoc rationalizations rather than genuine 
justifications. They lack the “inner light” of understanding that would ground 
authentic reasons. This is precisely what the absence of intellectus predicts. 
As Lipton observes in his analysis of model interpretability, there is a fundamen-
tal distinction between a system’s capacity to produce outputs and its capacity 
to explain why those outputs are appropriate — a distinction that maps onto 
Abelard’s image/intellectus divide (Lipton 2018, 31–57).11

Antiqua et  Nova states (§35) that “AI should not be  seen as  an artificial 
form of human intelligence but as a product of it” (Antiqua et Nova 2025, § 35). 
It  seems that now we can support this claim with Abelard’s framework and 
even make this thought more precise: AI is an instrument for generating rep-
resentations analogous to confused images. These representations are a product 
of human intelligence and require human intelligence to be transformed into 
knowledge.

10	 This demonstrates that neural networks can be  deceived by  imperceptible 
perturbations — evidence that they rely on features quite different from those humans 
consider essential.

11	 Lipton distinguishes between transparency (understanding how a model works) and post hoc 
explanation (providing reasons for outputs), arguing that these involve different epistemic 
relationships.
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4. Implications for Human–AI Relationships

The analysis developed above can be seen as having significant implications for 
understanding the proper relationship between human cognition and artificial 
intelligence. The first and most fundamental implication concerns the necessity 
of human cognitive involvement. If AI systems operate at the level of confusa 
imago without achieving the intellectus, then the transformation of AI-generated 
representations into genuine knowledge requires human intellectual activity. 
This is not a contingent limitation that future technological development might 
overcome; it is a structural feature of the distinction between representation 
and understanding. Just as Abelard’s confusa imago requires the intellectus 
to become a genuine concept, so AI-generated representations require human 
cognition to become knowledge in the full sense. The human contribution is not 
merely to oversee, verify, or correct AI outputs; it is to perform the intellectual 
acts that constitute understanding — grasping meaning, evaluating truth, and 
comprehending implications.

This analysis enables the rejection of two common frameworks for con-
ceptualizing human–AI relationships. What may be called the “replacement 
model” holds that AI will progressively substitute for human cognition across 
an expanding range of domains until it reaches the status of General AI, when 
replacement will be complete. The present analysis reveals the incoherence 
of this model since AI and human cognition operate at different levels. The 
former cannot replace the latter because they accomplish different things. Simi-
larly, one could hold that AI and humans perform the same cognitive tasks with 
different degrees of efficiency, what may be termed the “competition model.” 
Our analysis reveals that this model is also inadequate, because the tasks are 
not the same. Generating a representation that enables correct classification 
is not the same task as understanding why the classification is correct.

The appropriate model of the human–AI relationship is what may be termed 
the “instrumental–intellectual model,” where AI serves as a powerful instru-
ment for generating rich representational structures, while humans perform the 
intellectual acts that confer meaning and cognitive value upon these structures. 
The relationship is analogous to that between a craftsman and sophisticated 
tools: the tools extend capabilities, but the exercise of craft (skillful, conscious, 
purposive activity) remains the domain of the human agent.

The foregoing theoretical analysis yields several practical implications for 
the design and deployment of AI systems. If human cognition must operate 
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upon AI-generated representations to transform them into knowledge, then 
humans require access to those representations in forms amenable to intellectual 
engagement. “Black box” systems that deliver only final outputs (classifications, 
recommendations, decisions) deprive humans of the representational material 
upon which the intellectus can operate. As Rudin argues in her influential cri-
tique of explainable AI, there is a fundamental difference between explaining 
opaque models post hoc and designing inherently interpretable models; the 
former may provide rationalizations without genuine understanding, while 
the latter enables authentic intellectual engagement (Rudin 2019, 206–215).12 
Interpretability is not merely a desideratum for debugging or accountability; it is 
a condition for the cognitive partnership that makes AI outputs epistemically 
valuable. Otherwise, AI outputs cannot be evaluated because truthfulness and 
coherence can be identified only at a higher level of abstraction.

Another risk emerges from excessive reliance on AI systems as illegible result 
generators: the atrophy of human intellectual capacities through disuse. If hu-
mans habitually accept AI outputs without performing intellectual work upon 
them (without asking what the outputs mean, how they were produced, wheth-
er they are true, and how they describe the nature of things) the very capacities 
that make those outputs meaningful may deteriorate. This concern has been 
documented empirically across multiple domains. Studies of automation in avia-
tion, for example, have demonstrated that pilots who rely heavily on automated 
systems show degraded manual flying skills and reduced situational awareness 
when automation fails (Casner et al. 2014, 1506–1516).13 Similar patterns have 
been observed in medical diagnosis, where doctors using AI-assisted systems 
show decreased detection rates when AI support is withdrawn (Dratsch et al. 
2023).14 Vallor has articulated the broader concern as “moral deskilling” — the 
erosion of human capacities for judgment through delegation to automated 
systems (Vallor 2015, 107–124). The risk is not that AI will replace human un-
derstanding but that humans will cease to exercise, and thereby gradually lose, 
the capacity to understand.

12	 Rudin argues that post hoc explanations of black box models may be misleading and 
advocates for inherently interpretable models in high-stakes domains.

13	 See also Federal Aviation Administration, Safety Alert for Operators 13002 (2013), which 
recommends increased manual flight practice due to concerns about skill degradation.

14	 This study found that radiologists’ performance declined when AI assistance was incorrect, 
with less experienced practitioners showing greater susceptibility to automation bias.
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Finally, authentic judgment (epistemic or even ethical) requires intellectual 
apprehension, not merely reliable differential response. In Abelard’s framework, 
ethical values and principles are not objects that can be placed in the domain 
of confused images. For an act of judgment or an act of conscience, it is neces-
sary to know and understand general rules that can be obtained and processed 
only at the intellectual level of abstraction. Although it may seem to involve 
making a simple connection between rules and cases that can be associated 
with them, understanding general rules is necessary for the very ability to make 
such connections. For example, in ethical judgment, to claim that drug use 
is wrong one must have a deeper understanding of “Thou shalt not kill,” and 
such understanding cannot be obtained from probabilistic analysis from even 
an enormously large number of cases of humans who intentionally damage  
their health.

Since AI systems do not perform intellectual acts, they cannot bear the 
epistemic responsibility that attaches to claims of knowledge or the moral re-
sponsibility that attaches to practical decisions. Humans must remain the locus 
of responsibility because they are the locus of understanding (Matthias 2004, 
175–183). This has implications for the deployment of AI in high-stakes contexts: 
human judgment must remain genuinely engaged, not merely nominally pres-
ent. The phenomenon of “automation bias” — the tendency to defer uncritically 
to automated recommendations — represents precisely the failure to exercise the 
intellectus that would evaluate and eventually transform AI outputs into genuine 
knowledge (Goddard, Roudsari, and Wyatt 2014, 368–375; Skitka, Mosier, and 
Burdick 1999, 991–1006).

Conclusions

This article has proposed that Peter Abelard’s twelfth-century theory of the con-
fusa imago provides a precise and illuminating framework for understanding 
the cognitive status of contemporary artificial intelligence systems. He distin-
guished between two cognitive levels — the confusa imago (an indeterminate 
representation generated by processing particular experiences through sensa-
tion and imagination) and the intellectus (the conscious act that transforms 
representation into genuine understanding). Through their statistical learn-
ing processes, contemporary AI systems generate representations structurally 
analogous to confusae imagines, which are indeterminate patterns capturing 
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what instances have in common while remaining uncommitted to particulars. 
However, AI systems do not perform the intellectus — the conscious, normatively 
oriented act of intellectual apprehension. They achieve the representational level 
without ascending to the intellectual one.

This framework resolves the central problem posed by Antiqua et Nova. That 
document, by asserting that AI systems cannot perform abstraction, appeared 
to contradict the evident observation that AI systems are capable of performing 
tasks at a general level. AI generalizes without abstracting because generalization 
at  the representational level does not require the intellectual act that consti-
tutes abstraction in the full philosophical sense. AI generates representational 
patterns analogous to confusae imagines and processes them without genuine 
understanding.

If the analysis is correct, then human cognitive involvement in AI systems 
is not a temporary limitation to be engineered away but a permanent necessity 
rooted in the structure of cognition itself. The intellectus cannot be delegated 
to systems that operate only at the level of confusa imago. This provides philo-
sophical grounding for practices of human oversight, interpretability, and epis-
temic responsibility in AI deployment.

This analysis also demonstrates that philosophical resources developed 
in response to apparently distant problems, such as the medieval dispute over 
universals, retain unexpected explanatory value for contemporary challenges 
(Marenbon 2013, 146–206).15 Abelard, grappling with questions about how minds 
that know only particulars can think universally, developed distinctions that 
illuminate our contemporary perplexity about machines that generalize without 
understanding.
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